[SIGMOD2011#135 %]

Session 19: Ranking

HY A, KIE, =28 TK(GFIRKF)

Session 19: Ranking 3 ith A, KiX, =iZH . ZK GRIKEK)




vy a i E

1.

On Pruning for Top—K Ranking in Uncertain Databases
R T—IR—X([ZBITE Tk F 4 (PRFEEE) D
=ER1E

PathSim: Meta Path—Based Top—K Similarity Search in
Heterogeneous Information Networks

EEFEHRRVFIT—IICBIT58ELUEERFEDRE
Optimizing and Parallelizing Ranked Enumeration

S04 TDEREICREREET7ILT) X L
Lawler—Murty’ s procedure® ifi 5|1t

Efficient Rank Join with Aggregation Constraints
Rank Join(Top—k queries) TOERFIFIZX AL V=313 1E

Session 19: Ranking 83 :ithH, KiX, =ZH . TK (FRIKEK)



On Pruning fot Top-k Ranking in
Uncertain Databases

Chonghai Wang, Li Yan Yuan, Jia-Huai You, Osmar R
Zaiane (University of Alberta),
Jian Pei (Simon Fraser University)
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[2]PathSim: Meta Path-Based Top-K
Similarity Search in Heterogeneous
Information Networks

Yizhou Sun (UIUC), Jiawei Han (UIUC), Xifeng Yan
(UCSB), Philip Yu (UIC), Tianyi Wu (Microsoft)
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Optimizing and Parallelizing Ranked
Enumeration

Konstantin Golenberg (The Hebrew University), Benny
Kimelfeld (IBM Research - Almaden), Yehoshua Sagiv

(Hebrew University, Jerusalem)
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Optimizing and Parallelizing Ranked Enumeration
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Optimizing and Parallelizing Ranked Enumeration
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Optimizing and Parallelizing Ranked Enumeration
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Efficient Rank Join with Aggregation
Constraints

Min Xie (University of British Columbia), Laks
Lakshmanan (University of British Columbia), Peter Wood
(Birkbeck, University of London)
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