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On Triangulation—based Dense Neighborhood
Graph Discovery

» Nan Wang, Jingbo Zhang, Kian—Lee Tan and Anthony K.H. Tung
(National University of Singapore)
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» CSV (Cohesive Subgraph mining and Visualization)& Eb#%
closed cligueZzH R 357 ILT) X L
» Stock Market Dataset
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Human Assisted Graph Search: It’ s Okay to
Ask Questions

» A. Parameswaran, A. D. Sarma, H. Garcia—Molina, N.
Polyzotis and J. Widom (Stanford, Yahoo!, UC Santa Cruz)
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(a) Category Identification
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HumanGS : Human Graph Search
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Single—Bounded : Downward Forest
» BREIDEBEZIZEKS/—FDIRYIAH
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» DMOZ ( hitp://dmoz.ore Y& FAWNTEER
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Figure 4: Experiments on (a) varying number of questions asked (b) varying the size of the tree (c¢) varying the number of phases

9 Session 8: Graph Data 8% &0 (FHEXK)


http://dmoz.org/

On Querying Historical Evolving Graph
Sequences

» C. Ren, E. Lo, B. Kao, X. Zhu and R. Cheng (Univ. of
Hong Kong, Hong Kong Polytechnic Univ.)
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Figure 1: Distance between two users in FACEBOOK friendship
graph over a 365-day EGS.
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» Baseline (B TDARAFTYTLavhk GIZEWTRERRIE
R2e1TD) ELEER

500 queries

Dataset | FBFRIEND | YOUTUBE | WIKIPEDIA | FBWALL :
———T — —— Average Query Time
Graph Type | undirected | undirected directed directed EGS S eedu
Vertex Information user user article user B 1 e FVF p p
Edge Information | friendship | friendship hyperlink | message aselln
Number of Snapshots 365 203 365 365
Snapshot Frequency daily daily daily daily F B FRIEND 3 X IOS 0 i 348 9 X 1
[V| of First Snapshot 26,249 1,004,777 1,352,623 18,859
|V'| of Last Snapshot 61.096 | 3.223.643 | 1870700 | 42,859 YoUuTUBE 52 68s 9.73s 54
| E| of First Snapshot 251,251 8,782,672 19,956,191 90,694
|E'| of Last Snapshot 905,552 | 37,048,190 | 39,953,145 188,869 s N ]
Average ges 99.824% 99.644% 99.905% | 99.752% IKIPEDIA 1 04 : 048 1 3 : 468 7 7
Table 1: Statistics of real datasets. 15 : : : : :
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Mining Top—K Large Structural Patterns in a
Massive Network

» Feida Zhu (Singapore Management University), Qiang Qu (Peking
University), David Lo (Singapore Management University), Xifeng Yan
(UCSB), Jiawei Han (UIUC), Philip Yu (UIC)
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